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Abstract: Flexible AC transmission systems (FACTS) technology is widely adopted and utilized to maintain the
performance of power systems. However, the improvements of power system performance achieved by FACTS devices
depend on the right sizing and allocation of such devices. For technical and economic considerations, a FACTS device’s
location and size should be selected very carefully in order to maximize its benefits to the power system. In this paper,
the sizing and location of a static VAR compensator (SVC) are optimally determined using a new optimization technique
called lightning attachment procedure optimization (LAPQO). The optimal allocation of the SVC is determined regarding
the improvement of voltage deviation index and the reduction of total active power losses. The system is optimized
in two cases: once without SVC installation in order to find out the optimal settings of the system that achieve the
objective functions, and another time with SVC installation to determine its optimum sizes and locations by which the
required objective functions are achieved. Then the system performance is analyzed after optimization with and without
SVC devices to show the impact of the optimum sizing and location of the SVC on the system. The study is validated
using the standard IEEE 30-bus system, while the developed LAPO is performed by MATLAB M-Files and the system

performance analysis in different cases is performed by NEPLAN software.
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1. Introduction

In the last few decades, due to the complexity of power systems, the continuous increase of load demand,
and the limited capabilities of power systems to transfer power, there is a need to regulate power flow in
power systems so that the voltage stability is improved, total active power losses are reduced, power flow over
transmission lines is optimized, and the total power transferability of a system is enhanced so that the power
system can serve more customers and deliver electric power with adequate quality. FACTS technology is used
successfully for achieving such goals. Once it is installed in a power system, it has an excellent influence on
the power system’s performance. Depending on power electronics, it is capable of controlling the parameters of
transmission lines, like voltage magnitude, phase angle (8), line impedance (Z), and active and reactive power
[1]. These capabilities enable the power flow to be regulated, and hence, to optimize the power transferability and
quality. However, technically the size and location of a FACTS device’s installation influence its effectiveness

on a power system, and economically, it is important to maximize the benefits gained by the installation
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of such an expensive device. Thus, the installation of FACTS devices should not be randomized, and it is
crucial to determine the best sizing and allocation of such an installation. Optimization techniques are used
in many fields, and it is widely used in power system optimization, including optimal allocation and sizing
of FACTS devices. Many contributions were introduced for detecting the optimal size and location of certain
FACTS devices to achieve certain objective functions. These contributions were achieved by many optimization
techniques, like particle swarm optimization (PSO) and its modifications [2-5], biography-based optimization
(BBO) [5], moth flame optimization (MFO) [6], gray wolf optimization (GWO) [7], improved harmony search
(THS) algorithm [8], cuckoo search algorithm (CSA) [9], teaching learning-based optimization (TLBO) [10,11],
the dragonfly algorithm (DA) [12], and the Pareto envelope-based selection algorithm [13]. Also, some of the
contributions involving FACTS devices were achieved by hybrid techniques, like the hybridizations between
artificial bee colony (ABC) and the gravitational search algorithm (GSA) in [14]; differential evolution (DE)
and BBO, known as the hybrid DE-based BBO algorithm, in [15]; and chemical reaction optimization (CRO)
with quasi-oppositional-based optimization in [16]. In this paper, the optimal sizing and location of the SVC
in a power system is determined using a new optimization technique, known as lightning attachment procedure
optimization (LAPQO), in order to minimize the system’s voltage deviation and total active power losses. The
optimization process is applied to the system in three cases: 1) normal operation conditions, 2) sudden load
increase, and 3) line branch out. For each case, the following steps are carried out: 1) system optimization
process without SVCs to find the optimal settings that achieve the required objective functions, 2) system
optimization process with SVC to find the optimal sizes and locations of SVC installations on the system that
achieve the required objective functions, and 3) making a comprehensive analysis for the system in both cases
to show the effectiveness of the optimized system with and without SVC. The effectiveness of optimization
process on the system with and without SVC devices is validated using standard IEEE 30-bus system. The
analyses on the system are performed by MATLAB and NEPLAN softwares. The contributions of this paper
include: 1) determining the optimal size and location of SVC using the new optimization technique (LAPO), 2)
improving the system loading ability and system response during abnormal conditions after implementing the
SVC at its optimal allocation, 3) carrying out a comparative study to show the system’s performance with and
without SVC, 4) using the NEPLAN software tool to study the system loading ability based on the available
PV curves analysis and to analyze the system response during abnormal conditions such as sudden load increase
and branch outage, 5) validating the proposed algorithm using the standard IEEE 30-bus test system under
different objective functions (minimization of the real power losses and voltage deviation index), and 6) utilizing
a combination of two software tools (MATLAB and NEPLAN) to achieve the objectives of the paper. The rest
of this paper is organized as follows: Section 2 describes the formulation of the optimization process, Section 3
discusses the LAPO optimization technique, Section 4 presents the analysis of the case study after optimization

with and without SVC, and Section 5 gives the conclusion and future work.

2. Problem formulation

2.1. Objective function

In this paper, the main objective is to set the optimal location and compensation level of the SVC to minimize
the real power losses and the voltage deviation index in the power systems. Therefore, the objective function is

presented as a multiobjective function as represented in (1):
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Min(F;) = Wi Fy + WaFy, (1)

where F7 represents enhancement of voltage deviation index by minimizing the maximum voltage stability
indicator (L-index). The voltage stability index ( L,,q. ) was proposed by Kessel and Glavitsch to indicate system
stability [17]. Fy represents real power losses, while W; and W5 consider weighting factors, where w; +wqs = 1.

Fy can be formulated as represented in (2):

P = Min(Lmax) = mzn(ma’x(LJ))a] =1,2,..,NPQ, (2)

where NPQ is number of load buses. L; is the voltage deviation index of bus j and it is calculated using

(3):

NPV
Lj=11- Z Fiji'? (3)
i=1 J

where NPV is number of voltage buses, v; is the voltage of the ith generator bus, and v; is the voltage

of the load bus. Fj; can be obtained from the system Yj,s matrix as given in (4):

=B ) g

where I, I; are the complex currents and Vi, Vi, are the complex voltages vectors at the generator

and load buses. Yoo, Y, Yor, Yoo are submatrices of system Yj,s by some manipulations:

V| _ | Zr Fre| |1 (5)
Ig Koo Yec| [Va|’
where Fro and Kgy are partial inversions of Ygr, and Yiq, and:

Fij = [Fre)l = =Yoo [Yicl- (6)

F, considers real power losses and can be calculated as given in (7):

NTL
Fy = Pioss = Y, Gij (Vi + V> = 2V;Vjcosdy;), (7)

i=1

where Gj; is the transmission conductance, NTL is the number of transmission lines, and 6;; is the phase

difference of voltages.
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2.2. Constraints

2.2.1. Equality constraints

The equality constraints represent the balanced load flow equations as given in (8) and (9):

NB
Pqo; — Pp; = |VZ|2:|VJ|(G'U COS(Sij +Bij sindij), (8)

j=1
NB
Qai — Qpi = Vil Y |Vj[(Gij cos 65 + Byjsin6i), 9)

j=1

where Pg; and QQg; are the generated active and reactive power at bus i, respectively. Pp; and @ p; are
the active and reactive load demand at bus i, respectively. G;; and B;; are the conductance and susceptance

between bus i and bus j, respectively, and NB is number of buses.

2.2.2. Inequality constraints

The inequality constraints can be calculated as follows:

Generation constraints

VIin < Ve, < V@er j=1,2,..., NG, (10)
PIM < Pgy < PR i =1,2,..., NG, (11)
glzln <Qai < Qz;’ni(mai =1,2,..,NG, (12)

where voltages of generators are locked between 0.95 pu and 1.1 pu, generated active power is locked
between 25% and 100% of the capacity of each generator, and generated reactive power is locked between 0 and

5 MVAr for each generator.
Transformer constraints
T < Ty <T™ i =1,2,.., NT, (13)

where the transformers’ ratios are locked between 0.9 and 1.1.

SVC controllers constraints
ngzzn SQC% SngawaZ:lv2aach (14)

where the capacities of SVCs added to the system are locked between 0 and 30 MVAr.

Security constraints

Spi < ST i =1,2,...,NTL, (15)
Vi < Vi S VIR i =1,2, ..., NPQ, (16)

where V™" and V;™9% are given as 0.90 Pu and 1.05 pu, respectively.
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3. Overview on LAPO
3.1. LAPO inspiration

The LAPO algorithm is a nature-inspired algorithm, which simulates the procedure of lightning attachment. The
lightning attachment procedure algorithm was proposed recently by Nematollahi et al. [18]. In this algorithm
both the upward and downward leaders are considered. This technique simulates five phases of lightning
accessories: 1)Air collapse on the cloud. 2)The leader’s downward movement towards the earth. 3)Fading
branch. 4)Ascending and spreading from the ground . 5)The final jump. These procedures are illustrated as

following:

3.1.1. Phase 1: Air collapse on the cloud

The cloud can be divided into three parts, where in the bottom of the cloud there is a large quantity of negative
charges, and in the upper part there is a large quantity of positive charges, and besides the negative charges
in the bottom there is a small quantity of positive charges. A breakdown occurs between positive and negative
charges when these quantities increase. After the collapse occurs, lightning is formed by increasing the voltage
gradient at the edge of the cloud and thus moving a large charge in the direction of the ground that are mostly

negative charges.

3.1.2. Phase 2: The leader’s downward movement towards the earth

When the air touches the cloud surface, the collapse occurs and the lightning moves towards the earth but does
not move in a straight line. It changes direction from time to time. In the hemisphere there are many possible
points for the next jump so that the next point is chosen randomly. However, it can be chosen on the basis of
the highest point of the electric field between the line connecting the leader and the corresponding point. This

is more likely to serve as the next jump.

3.1.3. Phase 3: Fading branch

There are many points for the next jump and thus a division occurs in the main charge of the upper branch,
and new branches appear. Also, these new branches are divided, and so on. This process continues until there
is a collapse of the air when the branch charge is less than the critical value (1 pC'), and therefore does not

produce more new branches.

3.1.4. Phase 4: Ascending and spreading from the ground

The presence of a negative charge on the surface of the earth indicates the presence of a cloud resulting in the
accumulation of positive charges. The rising leader begins to rise. As the electric field increases in sharp points
and the air collapses, the rising leader is deployed in the air and approaches the descending leader and the

nomination occurs and the upper branches are exposed.

3.1.5. Phase 5: The final jump

A final jump occurs when a rising leader reaches an upward leader, the point from which the rising leader begins
is an eye-catching point, all other branches disappear in this case, and the charge of the cloud is naturalized

through this channel.
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3.2. Mathematical steps of proposed algorithm
3.2.1. Test points

A random number of populations is selected and considered as test points located in the cloud and the earth;
some of these tests are light-up lightning points, and some of them are points where upward leaders begin. All

test points are calculated as shown in (17):

= Z:nzn + (Z:-naw - Z:wzn

Yrand, (17)

7
tratlspot

where Z,,;n and Z,,4, are the minimum and the maximum bounds of variables, and rand is a random

variable of range between 0 and 1. The target function is calculated for all test points as given in (18):

Ftirailspot = Obj(erailspot)' (18)

3.2.2. Determine next jump

The averages of all test points can be calculated as given in (19):

Zavg = mean(Zirailspot)- e

The values of fitness of these points can be calculated as given in (20):

Fovg = 0bj(Zavg)- (20)

There are many possible jump points for the test point that the lightning can pass through, so a random
jump point is determined between the population. For test point i, a random point j is chosen among the
population (i/ = j). The lightning moves to point j if the average value is less than the fitness of point j;
otherwise, lightning moves to another direction. This step is formulated mathematically as follows: If the

fitness of potential point j is higher than that of average electric field:

ZZrailspot(new) = thrailspot + T&nd(Zavg + Z;Zotentialspat)' (21)

If the fitness of potential point j is lower than that of average electric field:

i
Ztrailspot

i _ _ J
trailspot(new) — ra'nd(Za'Ug + Zpotentialspot)'

3.2.3. Fading branch

The branch is maintained if the fitness function is better than the previous point; otherwise, it fades. This can
be formulated in (23) and (24) as:

trailspot — Ztrailspot(new)7 Zthrailspot(new) < Ftrailspatﬂ (23)

. i _ 7
otherwise : Ztmuspot(new) = Zirailspot-
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3.2.4. Rising leader movement

As we explained earlier, all test points are considered as downward leaders and move downwards. Also in this
step, each point will be considered as a leader ascending and moving upwards. The rising leader movement
depends on the downward leader’s charges, which are distributed mainly along the channel. This can be

formulated in (25) as:

n (—

S=1—( ) exp'~ Tmaz ), (25)

nmax

where n is number of iterations, 7,4, is the maximum number of iterations, and the next jump based

on the channel charge and the next point is given in (26):

Ztrailspot(new) = Ztrailspot(new) + rand * S(Zmin - Zmaaf)' (26)

3.2.5. Final jump

When the upward leader collides with the downward leader, the lightning operation ends and the crash point
is the striking point. Figure 1 shows the flowchart of LAPO.

4. Analysis of case study

As mentioned before, the system is analyzed in each case after optimization with and without SVC so that
the effectiveness of the optimized system is determined. The analyses applied are: 1)Load flow to find out bus
voltages. 2)PV curves to detect the maximum loading ability of the system. 3)Dynamic analysis to determine
the impact of sudden incidents on the system, according to certain scenarios. The previous steps are applied to
the system after optimization in each case. In this section, the results of the optimization process and analyses
are presented, and the scenarios applied to the system are: 1)Normal case: where the system is optimized in
its normal conditions, according to the objective functions. 2)Case of sudden load increase: it is supposed that
the system loads increase by 10% for each bus, and the system is optimized in this condition according to the
objective functions. 3)Case of line branch out: a scenario of fault that caused line 3 of the system to branch out,
where the system is optimized in this condition according to the objective functions. These cases and analyses
are applied to the system with and without SVC. Table 1 shows the results of the optimization process for each

case, where the parameters of LAPO are population size = 20 and maximum number of iterations = 200.

4.1. System optimization without SVC

As shown in Table 1, the optimized settings for the system operation were obtained and the system is analyzed

according to these optimal settings as follows.

4.1.1. Normal case

Starting with system optimization in the normal case, and according to the optimized settings given in Table
1, the analyses were carried out. The load flow indicates that the total active power losses of the system in this
case (Pross) = 3.0961 MW, and the maximum voltage deviation index (Ly,q,) = 0.1278. For indicating the

maximum loading ability of the case, PV curves are applied, and the result is graphed in Figure 2.
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Initialize the first population of test points randomly in the specific range

Calculate the fitness of test points

Set the test point with the worst fitness as testpoint,,

Obtain testpoint., which is the mean value of all points

Fitness of testpoint.,, is better than fitness of testpoint,,

Yes

Update testpoint,, = testpoint,,,

ML Select testpoint; randomly which is not equal to testpoint;

Update the variables of testpoint; based on equations (21) and (22) as testpoint; new

and check the boundaries

It =l Calculate the fitness of testpoint; e

Fitness of testpoint; is better than fitness of testpoint; ey

Update testpoint; = testpoint; new

Update the variables of testpoint; based on equation (26) as testpoint; e, and check
the boundaries

Calculate the fitness of testpoint; e

Fitness of testpoint; . is better than fitness of testpoint
No

testpointpest = test point of best fitness

Final criterion achieved

The best solution is testpointpes;

Figure 1. Flowchart of LAPO.

The graph in Figure 2 shows that the system’s bus voltages start to descend below 90% when the total
load exceeds 210%, and it collapses at 320%. As an evaluation step for the proposed optimization technique,
a comparison is held between LAPO and other optimization techniques applied to the IEEE 30-bus system
for solving the same objective functions mentioned in this paper [19]. Table 2 shows the values of total active
power losses and voltage deviation index obtained by LAPO and other optimization techniques after system

optimization.
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Table 1. The system’s optimized settings without SVC.

Parameter’s value (pu)

Optimized case
Element name Location Parameter Original | Normal Load increase Line branchout
case No With No With | No With
SvC SVC SvC SVC SVC SvVC
Generator 1 Bus 1 Bus voltage 1.06 1.0615 | 1.0615 1.069 | 1.068 1.053 1.067
Generator 2 Bus 2 Bus voltage 1.043 1.0573 | 1.0566 | 1.06 1.061 1.05 1.067
Power generated | 0.4 0.8 0.8 0.7997 | 0.8 0.7994 | 0.8
Generator 5 Bus 5 Bus voltage 1.01 1.0382 | 1.0845 | 1.037 | 1.09 0.999 | 1.009
Power generated | 0 0.499 | 0.499 0.499 | 0.499 | 0.4997 | 0.5
Generator 8 Bus 8 Bus voltage 1.01 1.0447 | 1.0447 1.042 1.044 1.042 1.042
Power generated | 0 0.349 | 0.35 0.35 0.35 0.3494 | 0.35
Generator 11 Bus 11 Bus voltage 1.082 1.0661 | 1.0594 | 1.1 1.069 | 1.014 | 1.085
Power generated | 0 0.3 0.3 0.299 | 0.3 0.3 0.3
Generator 13 Bus 13 Bus voltage 1.071 1.0492 | 1.0537 | 1.04 1.038 | 1.065 | 1.058
Power generated | 0 0.399 | 0.399 0.4 0.399 | 0.3978 | 0.4
Transformer 11 | Buses 6,9 Tap ratio 0.978 1.0503 | 0.991 1.1 1.004 1.1 0.973
Transformer 12 | Buses 6,10 Tap ratio 0.969 0.9 0.987 0.9 0.963 0.978 0.973
Transformer 15 | Buses 4,12 | Tap ratio 0.932 0.986 | 0.987 0.964 | 0.969 | 1.002 | 0.996
Transformer 36 | Buses 27,28 | Tap ratio 0.968 0.975 0.982 0.975 0.979 0.968 0.968
Shunt capacitor | Bus 10 Reactive power | 0.19 0 0.0443 | 0.0021 | 0.0483 | 0.05 0.0484
Shunt capacitor | Bus 12 Reactive power | 0 0.0497 | 0.00123 | 0.05 0.0499 | 0.0356 | 0
Shunt capacitor | Bus 15 Reactive power 0 0 0.0494 0.0488 | 0.036 0.499 0.0039
Shunt capacitor | Bus 17 Reactive power 0 0.05 0.0494 0.0486 | 0.0484 | O 0.0414
Shunt capacitor | Bus 20 Reactive power 0 0.05 0 0.0119 | 0.0361 | 0.049 0.0425
Shunt capacitor | Bus 21 Reactive power | 0 0.0496 | 0.05 0.05 0.0499 | 0.05 0.0499
Shunt capacitor | Bus 23 Reactive power | 0 0.0495 | 0.0258 | 0.0453 | 0.0499 | 0.0004 | 0.0499
Shunt capacitor | Bus 24 Reactive power | 0.043 0.05 0.0382 | 0.05 0.499 | 0.05 0.0135
Shunt capacitor | Bus 29 Reactive power | 0 0.0178 | 0.0215 | 0.0248 | 0.0257 | 0.0017 | 0.0079
Cloud
— )
Potzntial point | - _;#-,_ Bointwhich is s2lacted = the

.L_J.(X‘

\\ > naxt jump point
|
%
2

groend

Figure 2. PV curves of system without SVC in normal case.

Table 2 shows that the results obtained by DE, MDE, and HMPSO are better than the results obtained
by LAPO regarding voltage deviation index (L.q.). However, it shows the superiority of LAPO regarding

total active power losses of the system ( Pposs)-
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Table 2. Comparison of optimization results between LAPO and other techniques.

Optimization technique | DE PSO MDE | HMPSO | LAPO
Pross 4.8745 | 4.8753 | 4.8728 | 4.8723 3.0961
Linaz 0.1276 | 0.1281 | 0.1275 | 0.1274 0.1278

4.1.2. Case of sudden load increase

In this case it is supposed that the loads increase in each bus by 10%. The optimization process obtained the
settings previously shown in Table 1, and according to the optimized settings, the analyses were carried out,
where the load flow indicates that the total active power losses (Pross ) = 4.557 MW, and the maximum voltage
deviation index (Lmq.) = 0.1423. PV curves indicate the maximum loading ability of the case, as shown in
Figure 3. The graph shows that the system’s bus voltages start to descend below 90% when the total load
exceeds 205%, and it collapses at 310%.

On the other hand, the load increase scenario is applied to the system in this case to show the system’s
dynamic response, where the load increase incident took place at second 1. When it is applied, the system’s
response acts as shown in Figure 4, where the voltage of buses 13, 24, 26, and 30 are graphed. Figure 4 shows

that the voltages of the buses are rippled for about 2 seconds, with a drop ranging from 0.002 pu to 0.008 pu.

\( il >S \)

Figure 3. PV curves of system without SVC in case of Figure 4. The optimized system’s response to the load
load increase. increase without SVC.

4.1.3. Case of branch outage

In this case, it is supposed that line 3 of the system — the line that connects buses 2 and 5 — branches
out. According to the optimized settings shown in Table 1, the analyses were carried out, where the load flow
indicates that the total active power losses (Pross) = 6.1803 MW, and the maximum voltage deviation index
(Lmae ) = 0.1363. PV curves indicate the maximum loading ability of the case, as shown in Figure 5.

The graph in Figure 5 shows that the system’s bus voltages start to descend below 90% when the total
load exceeds 175%, and it collapses at 300%. On the other hand, the load increase scenario is applied to the

system in this case to show the system’s dynamic response, where the branch out took place at second 1.
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When it is applied, the system’s response acts as shown in Figure 6, where the voltages of generators’ buses are

graphed.

Figure 5. PV curves of system without SVC in case of branch outage.

—B12 —BI16 B22 B26 —B30

110
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1 51 101 151 201 251 301
Loading factor

Figure 6. The optimized system’s response to branch outage without SVC.

Figure 6 shows that the voltages of the buses dropped gradually from the start of the branch out until
second 45, and then it severely dropped with a severe ripple in voltage value, which leads to total instability in

the system.

4.2. System optimization with SVC

This time, the optimized settings of the system are obtained with the presence of SVC for the three cases, where
the optimal sizing and location of SVC is also obtained by LAPO. The system is analyzed due to the optimized

settings referred to in Table 1 and the SVC settings referred to in each case as follows.

4.2.1. Normal case
We start with system optimization in the normal case. In this case, two SVC devices are installed in the
system in buses 19 and 26 with capacities of 4.0142 MVAr and 3.3137 MVAr, respectively, according to the

optimization process. The load flow analysis indicates that the total active power losses (Prss) = 3.0935 MW,
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and the maximum voltage deviation index (Lyq.) = 0.1258. For determining the maximum loading ability of
the case, PV curves are applied, and the result is graphed in Figure 7.

The graph in Figure 7 shows great improvement in the system’s maximum loading ability. The system’s
bus voltages start to descend below 90% when the total load exceeds 250%, and it collapses at 340%, while the
values of voltage descending to below 90% with voltage collapse in the case of the normal system without SVC
are 210% and 320% respectively.

4.2.2. Case of sudden load increase

Now the system is analyzed in case of load increase in each bus by 10% with the presence of the SVC, where the
optimization process indicates two SVC installations in the system in buses 24 and 26 with capacities of 2.487
MVAr and 6.755 MVAr respectively. The load flow analysis shows that the total active power losses (Pross )
= 4.515 MW, and the maximum voltage deviation index (L4, ) = 0.138. PV curves indicate the maximum

loading ability of the case, as shown in Figure 8.

—B12 —B16 B22 B26 —B30

—B13 —B24 B26 B30

110

&
—_— _
IS Sz
; >
8
2
-
2
1 51 101 151 201 251 301 8
0.1 5.1 10.1 151 201 251
Ll)ﬂd.hlg factor Time (5)

Figure 7. PV curves of system with SVC in normal case. ~ Figure 8. PV curves of system with SVC in case of load
increase.

Figure 8 shows good improvement on the system’s maximum loading ability, where the bus voltages start
to descend below 90% when the total load exceeds 255%, and it collapses at 330%, while it starts to descend
below 90% when the total load exceeds 205%, and it collapses at 310% when the SVCs were uninstalled. On
the other hand, the load increase scenario is applied to the system in this case with SVC to show the system’s
dynamic response. The scenario is applied, and the system’s response acts as shown in Figure 9, where the
voltages of buses 13, 24, 26, and 30 are graphed.

Another improvement to the system with the SVC is shown in Figure 9. The figure shows that the
voltages of the buses are slightly rippled and drop with a range that does not exceed 0.001 pu.

4.2.3. Case of branch outage

In this case, it is supposed that line 3 of the system -— the line that connects buses 2 and 5 — branches out,
and the optimization process with the SVC indicates four SVC installations in the system in buses 4, 7, 24,
and 26 with capacities of 21.44, 9.904, 7.779, and 1.865 MVAr, respectively. The load flow indicates that the
total active power losses (Pross) = 5.746 MW, and the maximum voltage deviation index (Ljq.) = 0.1258.

PV curves indicate the maximum loading ability of the case, as shown in Figure 10.

2371



AWAD et al./Turk J Elec Eng & Comp Sci

—B12 —B16 B22 B26 —B30 - —Bl —B2 B5 B8 —BI1 —BI13
2 ———
2 = g 5 —
g —\m
& 3
9 <g
; P
e 8
3
@ &
1 51 101 151 201 251 01 51 104 151 201 251 300 351 400 451
Loading factor Time (5)

Figure 9. The optimized system’s response to the load Figure 10. PV curves of system with SVC in case of
increase with SVC. branch outage.

The graph in Figure 10 shows that the system’s bus voltages start to descend below 90% when the total
load exceeds 225%, and it collapses at 320%, while it starts to descend below 90% when the total load exceeds
175%, and it collapses at 300% when the SVCs are uninstalled. Finally, applying the branch outage scenario to
the system in this case to show the system’s dynamic response, the system’s response acts as shown in Figure
10 when applying this scenario, where the generators’ buses voltages are graphed.

Figure 11 shows that the voltages of the buses slightly rippled after the branch out, while the voltage of
bus 5 is significantly dropped from 1.009 pu to 0.978 pu. However, the total response of the system shows the
stability of the system’s voltage buses after the branch out.
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Figure 11. The optimized system’s response to branch outage with SVC.

5. Conclusions

In this paper, the case study (IEEE 30-bus) is optimized in different cases using a new optimization technique
(LAPO) in order to minimize the active power losses and voltage deviation, where the optimization process is
carried out with and without SVC controllers. For each case, the optimized system’s performance is analyzed and
evaluated, and the impact of the optimization process on the system is shown with and without the SVC device,
where the analyses are performed using MATLAB and NEPLAN software. The paper indicates an impressive
performance for the optimized system with SVC, where the system’s active power losses and voltage deviation

index are less than those obtained in the case of the optimized system without SVC. Also, the maximum loading
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ability of the optimized system with SVCs is improved compared to that of the optimized system without SVC,

and finally, the dynamic response of the optimized system in each case is stabilized with SVC more than the

optimized system without SVC. This study reflects the significant effect of the optimization process including

FACTS devices — typically SVCs — compared to optimization excluding it. In the future, more studies should

be carried out regarding optimal allocation and sizing of different FACTS devices, besides utilization of more

recent optimization techniques for further power system improvement.
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